CISNET Breast Model Characteristics: Key Differences and Similarities
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Abbreviations: APC = age-period-cohort model; BCSC = Breast Cancer Surveillance Consortium; SEER = Surveillance, Epidemiology, and End Results.
a Screening performance includes sensitivity; stage distribution among screen-, interval-, and clinically-detected cases; false-positive recall (specificity); and benign

biopsy rates.

b Calibrated to mortality for a subset of treatment related parameters after natural history parameters are calibrated to incidence.
Model Profiles are available at: https://cisnet.cancer.gov/breast/#profiles-registry.

Adapted from: Trentham-Dietz A, Chapman CH, Jayasekera J, et al. for the CISNET Breast Cancer Working Group. Breast Cancer Screening With

Mammography: An Updated Decision Analysis for the U.S. Preventive Services Task Force. Technical Report, No. 231s. AHRQ Publication No. 23-05303-EF-2.
Rockville, MD: Agency for Healthcare Research and Quality; 2024. Available at: https://www.ncbi.nIm.nih.gov/books/NBK603560/
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